How does the internet affect government approval? Using surveys of 840,537 individuals from 2,232 subnational regions in 116 countries in 2008-2017 from the Gallup World Poll and the global expansion of 3G networks, we show that an increase in internet access reduces government approval and increases the perception of corruption in government. This effect is present only when the internet is not censored and is stronger when traditional media is censored. Actual incidents of corruption translate into higher corruption perception only in places covered by 3G. In Europe, the expansion of mobile internet increased vote shares of anti-establishment populist parties.
Introduction
How does the internet affect individuals' perceptions of government corruption and confidence in the country's leadership and institutions? Optimists argue that improved access to information promotes public awareness of government performance, helping opposition activists to fight corruption and to resist non-democratic governments. For instance, in the wake of the Arab Spring of 2010-2012, the internet was branded a "liberation technology" (Diamond and Plattner, 2010) . Pessimists, in contrast, point out that the internet facilitates the dissemination of fake news (Allcott and Gentzkow, 2017; Vosoughi, Roy and Aral, 2018) , empowers non-democratic regimes in spreading propaganda and surveilling the population (Mitchell et al., 2019; Morozov, 2011) , and helps populists in and out of power to connect to voters through social media (Tufekci, 2018) .
These conjectures found empirical support in a number of rigorous quantitative studies (for a recent survey of this literature, see Zhuravskaya, Petrova and Enikolopov, 2019) . With the important exception of Manacorda and Tesei (2016) , who show that the 3G mobile internet facilitates political protests using data for all of the African continent over 15 years, previous literature has analyzed the political implications of the internet in a single-country setting. Our paper, in contrast, studies the political effects of gaining internet access in a global setting. Using Gallup World Poll (GWP) data on the attitudes and beliefs of approximately 840,000 individuals living in 2,232 subnational regions of 116 countries across all continents during the period from 2008 to 2017, we show that, on average, the expansion of 3G mobile internet infrastructure leads to an increase in internet use, causing the public to become more aware of corruption and less confident in the country's government. Furthermore, we show that both the optimists and the pessimists are partly right in their assessment of the internet's impact on political outcomes. First, mobile internet decreases confidence in government only when the internet is not censored, suggesting that internet censorship is a rational strategy for autocrats. Second, the effect of the internet on confidence in government is particularly large when traditional media is censored while the internet is free, implying that the public uses the internet to get political news when there are no other sources of political information. Third, the internet helps to inform the public about corruption: we show that actual incidents of government corruption are associated with higher perceptions of corruption only when there is access to mobile internet. Taken together, these results suggest that uncensored internet can, indeed, be a powerful tool of political accountability. However, we also find that mobile internet empowers anti-establishment politicians, increasing the vote shares of right-wing and left-wing populists. We demonstrate this using data for 87 elections that took place between 2007 and 2018 in 30 European democracies, for which there is a classification of political parties into populist and non-populist. Thus, in addition to being a source of political information for the population about their incumbent government, the internet helps anti-establishment politicians connect to voters, whatever their political agenda is.
Our empirical strategy relies on a difference-in-differences analysis. We use the variation in the timing of the expansion of 3G mobile networks across different subnational regions within countries controlling for subnational region fixed effects, year fixed effects, and a large set of potential confounds, including measures of economic development, unemployment, democracy, as well as individual socio-demographic characteristics. We show that our results are robust to including country-by-year fixed effects and document the absence of pre-trends. To address a potential concern that information and communications technologies may affect individual attitudes though channels other than internet access, we use the expansion of 2G mobile networks as a placebo treatment-3G was the first generation that allowed users to browse the web freely from their smartphones. We show that 2G is, if anything, positively correlated with government approval and that controlling for the availability of a 2G signal does not affect our results. We also present results for a number of placebo outcomes to show that the relationship between the internet and satisfaction with government is not driven by the link between the internet and general life satisfaction. Finally, we use the techniques developed by Altonji, Elder and Taber (2005) and Oster (2017) to show that our results are unlikely to be driven by variation in unobservables.
This paper contributes to the growing literature on the political effects of the internet. Several studies have shown that access to the internet hurts the incumbents' political position. For example, the expansion of high-speed internet in Malaysia was shown to have helped end the corrupt ruling coalition's 40-year monopoly on power (Miner, 2015) . In South Africa, the spread of the mobile internet also has shifted votes away from the ruling political party (Donati, 2017) . Social media helped coordinating protest activity across Africa (Manacorda and Tesei, 2016) and in Russia (Enikolopov, Makarin and Petrova, 2018) . The evidence from Germany (Falck, Gold and Heblich, 2014) , the UK (Gavazza, Nardotto and Valletti, 2018) , and Italy (Campante, Durante and Sobbrio, 2018) suggests that in Europe, initially, the internet had crowded out political awareness with entertainment content, reducing electoral participation. Yet, Campante, Durante and Sobbrio (2018) show that this effect was temporary and that, at the time of the introduction of social networks, broadband internet contributed to the rise of the populist Five Star Movement in Italy. This result was confirmed by Schaub and Morisi (2019) using survey data on the support for populists in Italy in 2013 and in Germany in 2017.
Our contribution to this literature is three-fold. First, we document the political effects of the internet for a large set of countries around the world over the last decade. Second, the global setting allows us to perform a comparative analysis. In particular, we document that the internet decreases confidence in incumbents only when it is uncensored; and that this effect is particularly large when traditional media is censored. We also show that the internet helps expose corruption using a unique measure of incidence of corruption in a global setting from Furceri, Papageorgiou and Ahir (2019) . 1 Third, we use election data for 30 European countries over a decade to show that populists both on the right and on the left of the political spectrum have benefited politically from the expansion of 3G mobile internet.
In what follows, Section 2 presents the data and the empirical strategy; Section 3 presents the results; and Section 4 concludes.
2 Data and empirical strategy
The main variables
In this section, we briefly describe the main variables of interest, relegating details about these measures as well as the description of all the control variables to the Online Appendix Section A.1.
The data on government approval come from the GWP and cover the period from 2008 to 2017. The exact questions about government performance in the GWP are: "Do you have confidence in each of the following, or not: How about the national government? How about the judicial system and courts? How about the honesty of elections? Is corruption widespread throughout the government in (country), or not?"
The respondents could answer "Yes" or "No." We use the responses to these four questions as well as their first principal component and the average share of positive attitudes to the government along these four dimensions. The GWP also includes a question on individuals' internet access: "Does your home have access to the internet?"
We are interested in estimating the effect of the internet on attitudes and beliefs. Yet, individual beliefs may affect the decision to connect to the internet, and other factors, such as the level of development, may impact both government approval and internet availability. To overcome these endogeneity problems, we exploit the plausibly exogenous variation in the timing of the expansion of the third-generation-3G-mobile networks. (We address the plausibility of the identification assumptions below.)
3G was the first generation of mobile networks that allowed users to actively browse the web from their phones, making the internet more accessible and convenient to use. The technology was first introduced to the public in 2001, but it took several years for most countries to adopt it. According to the International Telecommunication Union (ITU), only 4% of the world's population had mobile broadband subscriptions in 2007.
The following years witnessed significant growth in mobile internet users, reaching 69.3% of the global population by 2018. We use annual maps of global 3G network coverage from 2007 to 2018 provided by Collins Bartholomew's Mobile Coverage Explorer. The data consist of 1km×1km binary grid cells. Figure 1 illustrates the expansion of 3G networks over the entire period of observation. It presents the maps of 3G coverage in 2007 and 2018 by grid cells and the corresponding increase in the share of the subnational regions' territory covered by 3G mobile internet for countries in the GWP sample. Subnational regions are defined by the level of geolocalization provided in the GWP data.
To understand the drivers and consequences of the internet's effect on government approval, we use independent measures of corruption, censorship of the internet, censorship of the traditional press, and populist parties' performance in national parliamentary elections. In particular, we use the International Monetary Fund's (IMF's) Global Incidents of Corruption Index from Furceri, Papageorgiou and Ahir (2019) , which is based on text analysis of country reports by the Economist Intelligence Unit available for 97 countries in our sample. This index quantifies the intensity of actual corruption incidence within countries researched by external experts and is distinct from the corruption perceptions of the public.
We measure censorship of the internet using Freedom House's Limits on Content score, a component of the Freedom on the Net (FOTN) index. It is available for 46 countries in our sample and ranges from 0 to 35 with higher values implying higher censorship. In addition to a continuous measure of internet censorship, we also create a dummy for censored internet which equals one if the Limits on Content score is 22 or above and zero if the score is below 22. In order to expand the sample, we also set the dummy for censored internet to zero if a country does not have FOTN data but in that year the country is a democracy according to the Policy IV dataset (i.e., if the Polity2 score is 6 or above). In the sample with non-missing FOTN data, a dummy for democracy predicts the Limits on Content score to be below 22 with 99.5% probability.
The measure of censorship of traditional media comes from the Freedom House's Freedom of the Press (FOTP) index. It is available for all 116 countries in our sample and ranges from 0 to 100 with higher values representing higher censorship.
Finally, to analyze the effect of 3G on the electoral performance of populist parties, we extend the panel dataset on the vote shares of populist parties in Europe from Algan et al. (2017) . The classification of parties into populist and non-populist is based on the Chapel Hill Expert Survey and on text analysis of online sources. 2 The data cover 87 elections in 30 European countries in 2007-2018 at the level of 409 subnational districts. 3 The details about the exact measures used in the analysis, summary statistics, and sources of all data are presented in the Online Appendix Section A.1.
The main specifications
We estimate the effect of internet access on individuals' beliefs. We gauge 3G mobile networks availability (3G) in each subnational region (defined by GWP localization) of each country in each year by calculating the share of the region's territory covered by 3G networks in that region and year, weighted by population density at each point on the map. Then, we both directly relate attitudes toward government to the 3G mobile networks availability in a reduced form regression (Specification 1) and run a two-stage estimation, in which we relate attitudes toward government to the individual's internet access, predicted by the 3G mobile networks availability in the subnational region of the respondent's residence (Specifications 2 and 3):
(1)
(2)
i, r, and t index individuals, regions, and years, respectively. Gov_approval is a dummy indicating whether the survey respondent has confidence in government. 3G represents the share of population in the subnational region with potential access to 3G, our main explanatory and instrumental variable. Internet is a dummy variable for self-reported access to the internet. As each dependent variable is a dummy, the three equations are linear probability models. ϕ r and τ t are region and year fixed effects, which control for all regional time-invariant characteristics and global time-specific shocks. Development represents a measure of regional economic development-an important control as the expansion of 3G networks was potentially faster in regions with high economic growth. In the baseline specification, we proxy regional economic development with the log of mean household income among GWP respondents in the region and establish robustness to using nighttime light density as an alternative measure (following Weil, 2011, 2012) . 4 X is a vector of additional controls: age, age squared, gender, education, marital status, employment status, indicator for urban/rural place of residence, the log of the country's GDP per capita, the country's unemployment rate, and dummies for democracy and for advanced democracy. 5 In the baseline specification, standard errors are corrected for two-way clustering at the region level (to account for correlation over time) and at the country level in each year (to account for within-country-year correlation). We establish robustness of the results to using alternative assumptions about the variance covariance matrix: in particular, the results are robust to correcting for spatial and over-time correlation following Conley (1999) , Hsiang (2010) , and Collela et al. (2018) , and for clustering at the country level. The two main identification assumptions for interpreting this estimation as causal are as follows: 1) the timing of the expansion of 3G mobile networks affects individuals' attitudes toward government only through its effect on individuals' access to the internet and 2) the expansion of 3G mobile networks is not itself driven by the expectation of changes in government approval or by any unobserved factor that can generate a spurious correlation between government approval and 3G network coverage. These assumptions are not directly testable. However, below, in Section 3.2, we present a number of robustness and placebo exercises as well as tests in the spirit of Altonji, Elder and Taber (2005) and Oster (2017) which do suggest that our results can be interpreted as causal.
Column 1 of Table 1 presents the results of the first stage (Specification 2). The expansion of 3G networks within the respondent's region of residence strongly predicts individual internet access. Conditional on all covariates, on average, moving from zero 3G availability in a region to full 3G coverage increases the probability of an individual being connected to the internet by 8.0 percentage points when considering the entire sample (Panel A) and by 8.3 percentage points when focusing on rural areas (Panel B). The F-statistics for the excluded instrument (3G) are 23 and 25, respectively.
Results

3G and government approval
Columns 2 to 7 of Table 1 present the results of estimating the relationship between internet access and government approval. Panel A presents the results for the full 4 In the few region-years where the GWP income data are not available (less than 7% of the sample), we use nighttime light density and the country's GDP per capita to predict regional income. As discussed in the Online Appendix, the results are robust to controlling for nighttime light density; we do not do it in the baseline specification because this variable is not comparable before and after 2014.
5 The summary statistics are presented in Table A1 in the Online Appendix.
sample; Panel B-for the subsample of rural residents. In both cases, reduced form and instrumental variable regressions yield the same result: an increase in internet access due to the expansion of 3G networks, on average, causes individuals to become more aware of government corruption and less confident in their country's government and institutions. The results are significant for all four different measures of confidence in government institutions (Columns 2-5) and for the two aggregate measures, i.e., the share of positive answers and the first principal component of the four measures. The magnitude of the effects is sizeable in the full sample; and it is particularly large for residents of rural areas. For example, the results presented in Column 2 imply that a 8 percentage points increase in the probability of individuals' internet access due to the expansion of 3G networks in the region from zero to full coverage decreases the confidence in the government by 6 percentage points in the full sample and by 9 percentage points in rural areas (from the mean level of 51% and 54% in the two samples, respectively). Similarly, as reported in Column 5, it decreases the share of people thinking that the government is not corrupt by 3.6 percentage points in the full sample and 5.4 percentage points in rural areas (from the mean of approximately 22%).
The results for the other measures of the attitudes toward government institutions are very similar.
Addressing identification challenges
Can these results be interpreted as causal? In this section, we present evidence suggesting that the results are not driven by spurious correlations.
Country×year FEs and pre-trends.-First, to make sure that our results are not driven by differential country-level dynamics, we redo the analysis controlling for country×year fixed effects, thus, relying only on the differential expansion of 3G in different subnational regions within countries. This is a very demanding control because it eliminates part of the relevant variation as 3G networks often expanded to all regions of a country at the same time. Nonetheless, the results (presented in Panel A of Table  A2 in the Online Appendix) are largely robust. In particular, after partialling out all of the country×year variation, the internet remains an important determinant of attitudes toward government. The effect of 3G remains statistically significant for 5 out of 6 measures of government approval with the results being most precise for the aggregate measures of confidence in government, which are the least noisy among the considered outcomes (Columns 5 and 6). The point estimates are considerably smaller than in Table 1 , which could be explained by the fact that part of the relevant variation is not accounted for in this specification. Importantly, with country×year fixed effects, regional 3G coverage remains a strong predictor of individual access to the internet as reflected by the F-statistics for the effect of 3G from the first stage reported at the bottom of the Panel. Second, a major potential concern with our difference-in-differences identification strategy is that 3G networks might expand in regions with falling confidence in government. To address this concern, Panel B of Table A2 repeats the analysis presented in Panel A, but for regional 3G coverage next year. We find that 3G coverage next year is not related to government approval this year, suggesting parallel pre-trends. Figure A2 in the Online Appendix extends this analysis and presents the coefficients on several lags and leads of regional 3G coverage in regressions with the first principal component of the government approval variables as the dependent variable: consistent with the parallel pre-trends assumption, future availability of mobile internet networks has no effect on government approval, but past 3G expansions have a significant effect on attitudes toward government.
2G as a placebo treatment.-A potential concern is that 3G availability may affect individuals' beliefs through other mechanisms than providing access to the internet. To address this concern, we consider the effect of the expansion of 2G networks which allow making phone calls and sending text messages but not browsing the internet. If individuals' beliefs were affected not by internet access but by some other aspect of the expansion of ICT, one should expect similar effects of the expansion of 2G and 3G networks. In Table A3 in the Online Appendix, we show that, in sharp contrast to the effect of 3G presented above, the expansion of 2G networks, if anything, is associated with an increase in government approval. In addition, we show that 2G coverage is not related to respondents' internet access and that controlling for 2G availability does not affect the estimates of the effect of 3G. These findings suggest that the negative effect of 3G on confidence in government is determined by its effect on internet access rather than by other features of the expansion of mobile networks. Variation in observables as a proxy for unobserved variation.-We follow the methodologies of Altonji, Elder and Taber (2005) and Oster (2017) to understand how important the effect of unobservables needs to be to explain our results. First, we take the fitted value from a regression of 3G on all controls and regress our outcome variables on this index of observables, which is the best predictor of 3G availability, controlling for region and year fixed effects. The results are reported in Panel A of Table  A4 in the Online Appendix. We find that the predicted from observables 3G availability is not significantly related to government approval and the point estimates have the opposite sign of the effect of 3G for 4 out of 6 outcomes, including both aggregate measures of government approval. This suggests that, at least for these outcomes, selection on unobservables is not driving the results under the assumption that the observables are representative of the unobservables. Second, in Panel B of Table A4 , we report Oster δ statistic indicating how much more important unobservables need to be compared to observables to fully explain our results by omitted variable bias. In the two cases, where observables should be positively selected from unobservables to explain our results (Columns 2 and 4), the δs are 5.8 and 1.6. For all other outcomes observables should be negatively selected from unobservables to explain our results; for these outcomes, the δs range between −4 and −1000. Both the magnitude and the sign of these statistics suggest that it is highly unlikely that our results are spuriously driven by unobserved variation. Life satisfaction and other placebo outcomes.-In Table A5 in the Online Appendix, we show that 3G did not affect attitudes unrelated to the government. In particular, we show that 3G availability is not related to life satisfaction today, the expectation about life satisfaction in 5 years, satisfaction with the current standards of living, and beliefs about whether standards of living are getting better. In addition, we show that 3G penetration has no effect on the confidence in the local police, suggesting that internet access affects individuals' opinions about the government only for those government functions that people cannot observe directly through their day-to-day experience.
Robustness.-In Section A.2 of the Online Appendix we present additional results
showing robustness to using nighttime light density as an alternative proxy for regional economic development and to alternative assumptions about the variance-covariance matrix, including correcting standard errors for spatial correlation and using clusters at the country level. Taken together, these pieces of evidence suggest that 3G penetration is plausibly exogenous and meets the exclusion restriction.
Comparative analysis: censorship of the internet and of the traditional media
The fact that uncensored internet can significantly undermine government popularity has not gone unnoticed by politicians, especially in non-democratic countries. According to Freedom House, many governments have taken steps to limit internet freedom, with policies ranging from the blockage of social media and messaging apps in China, Egypt, Iran, and Russia to temporary shutdowns of mobile networks in India and Sri Lanka. 6 Yet, observers do conjecture that it is harder to censor the internet than to censor the traditional media (e.g., Diamond and Plattner, 2012) .
In this section, we study whether and how the effect of 3G networks availability on individuals' attitudes toward government depends on internet censorship and on censorship of the traditional media, such as TV, radio, and newspapers. We operationalize this by adding interaction terms between 3G coverage and the measures of censorship online and offline to the reduced-form specification (Equation 1), controlling for the direct effects of these two types of censorship. We start by considering the heterogeneity of the main effect with respect to the censorship of the internet, which we measure using the Limits on Content component of the FOTN index. Panels A and B of Table 2 present the results. In Panel A, internet censorship is measured with a dummy; in Panel B-with a continuous index. The results are the same using both measures: the coefficients on the interaction terms of 3G with the internet censorship measures are positive and statistically significant, so that internet censorship weakens the effect of 3G on government approval. If the internet is free, 3G coverage has a strong and statistically significant negative effect on government approval. In contrast, in countries with internet censorship, the impact of 3G coverage on government approval is zero or even positive. Figure 2 illustrates these findings. Panel A presents the non-parametric relationships between the change in government approval in a region (net of all controls) and the increase in 3G penetration in this region since 2008, separately for countries with free internet and with censored internet. It is evident that in countries with low internet censorship (left-hand-side graph), the expansion of 3G is associated with lower government approval, while in countries where the internet is censored (right-hand-side graph), there is no relationship between these variables. In Panel B, we present the corresponding first stages, i.e., the non-parametric relationships between the increase in 3G penetration since 2008 and internet use in the two groups of countries. Irrespective of whether internet is censored, the presence of 3G networks facilitates internet access for the population. The difference in the effect of 3G on government approval, thus, comes from the content available online rather than from differences in internet use. 7 In Panel C of Table 2 , we include the interactions of 3G with both internet censorship and with censorship of the traditional media (the FOTP index). We find that the coefficients on the interactions of 3G with internet censorship remain positive and statistically significant, whereas the coefficients on the interactions of 3G with censorship of the traditional press are negative (and significant for 5 out of 6 outcomes). Thus, for sufficiently low levels of internet censorship, the effect of 3G penetration on government approval is negative; and it is stronger (i.e., more negative) when traditional media is censored. This suggests that uncensored internet plays an important role in informing the public about politics, when traditional media does not report independent-of-the-government political information. 8 Heterogeneity with respect to other country and individual characteristics.-The Online Appendix Section A.3 presents the heterogeneity analysis with respect to a number of country and individual characteristics. Here, we report the main takeaways. In rural areas, the effect of 3G on government approval is consistently larger than in the full sample and it is very robust to slicing the sample into subgroups. Rural residents significantly decrease their confidence in government upon gaining access to the internet on each of the five continents and in the sub-groups of OECD and non-OECD members. In the full sample, the effects remain significant for non-OECD countries taken together, and for Africa, North and Central America, South America, as well as for Asia, but only when one excludes countries with high internet censorship (on average, Asia has the highest level of internet censorship among all continents). For Europe and OECD countries, in contrast, the effects are significant only for the sub-sample of rural residents. The magnitude of the point estimates of the effect is consistently smaller for OECD countries than for non-OECD countries. (This difference is statistically significant only in the full sample.)
There is a substantial heterogeneity with respect to individual characteristics. The effect of 3G decreases with education and income. It is significantly weaker for employed compared to unemployed, and for the young (below 20 years old) compared to the rest of the population.
The fact that effect of the mobile internet is larger in magnitude for rural residents and among less educated respondents highlights the importance of the information channel, which we test formally in the next section: one could argue that education and urban residence are associated with a better access to alternative (offline) sources of political information.
Does the internet help expose corruption?
In this section, we test the conjecture that the internet helps inform the public about actual corruption cases in government. If so, actual corruption incidents should translate into higher perceptions of corruption more in regions with higher internet availability.
In other words, one should expect the link between actual and perceived corruption to be stronger in areas with higher 3G coverage. To test this, one needs to measure the incidence of actual corruption in a global setting. It is challenging as the vast majority of cross-country measures of corruption rely on perceptions. Furceri, Papageorgiou and Ahir (2019) are the first to construct a measure of actual corruption unrelated to perceptions across the whole world-the IMF's Global Incidents of Corruption Index (GICI). This index quantifies the importance of actual corruption in each country and year by measuring the share of the text of the annual EIU country reports devoted to corruption. We regress the dummy indicating whether the respondents believe that the government is corrupt on this index of corruption incidents and its interaction with regional 3G coverage, controlling for the direct effect of 3G as well as all the baseline controls, including region and year fixed effects. The results of this test are consistent with the hypothesis that the internet helps inform the public about corruption:
where P erception is the perception of corruption, log(Incidents) is the measure of actual corruption, and E represents the effect of all the other controls and the error term. The number of observations is 581,944 and R-squared is 0.151. Panel A of Figure 3 illustrates these results by presenting the marginal effect of an increase in the index of actual corruption incidents on corruption perception for different levels of 3G penetration. In regions with no 3G penetration, there is no correlation between the GICI index and the perception that the government is not corrupt. In contrast, if a region has full 3G coverage, there is a strong and statistically significant link between incidence of actual corruption and its perception: in such regions, every 10 percent increase in the measure of intensity of actual corruption decreases the public perception that the government is clean by 0.34 percentage points. A one standard deviation increase in the log intensity of actual corruption (0.65) is associated with a 2.2-percentage-point lower perception that the government is clean (compared to the mean of 18.3%) in places fully covered by 3G networks and has no effect on perception of government corruption in places without mobile internet coverage.
Electoral consequences of the expansion of 3G networks
The results presented so far suggest that the internet is an important source of political information for voters, particularly, when the traditional media do not provide such information. Does the expansion of internet have electoral implications? The evidence from the previous literature (briefly discussed above) suggests that it does, but previous studies addressed this question in a single-country setting. We use panel data on election results in 30 European countries to examine the electoral effects of the expansion of mobile internet in Europe between 2007 and 2018. We focus on Europe because we are particularly interested in whether the internet facilitates electoral success of populist parties, as was suggested by many observers (e.g., Tufekci, 2018) and by previous research on Italy (Campante, Durante and Sobbrio, 2018) . The conventional classification of political parties into populist and non-populist exists for Europe only. We relate the share of votes cast for populist parties in 409 subnational districts in 87 parliamentary elections in Europe to the expansion of 3G mobile networks controlling for subnational-district and year fixed effects as well as for log GDP per capita, the rate of unemployment, inflation, and the share of population that is 65 or older. I.e., we estimate the specification that is a direct analogue of Specification (1) but aggregated to the level of subnational districts, the level at which the elections data are available. Table 3 presents the results. We find that the expansion of 3G networks contributes to a better electoral performance of populist parties both on the right and on the left of the political spectrum. Moving from zero to full 3G coverage, on average, results in 6.9 percentage points higher vote share of right-wing populists and 5.9 percentage points higher vote share of left-wing populists. These are large effects as the mean vote shares for the right-wing and left-wing populists in our sample are 14.8% and 6.0%. Panel B of Figure 3 illustrates this result by showing the non-parametric relationship between the increase in 3G penetration since 2007 and the change in the populist vote share (after subtracting the effect of all controls except the effect of 3G internet). 9 This effect of 3G on the vote for anti-establishment parties in Europe is partly driven by the disillusionment with political establishment: as shown above, the expansion of mobile internet led to a significant decline in government approval among Europeans in rural areas. It may also have been partly driven by the better ability of antiestablishment parties to reach out to frustrated voters, a conjecture that needs to be tested in future research.
Conclusions
This paper documents the political effects of the internet in a global setting. Our analysis yields the following main conclusions. The expansion of mobile internet networks leads to a reduction in the confidence in government when the internet is uncensored. This effect is stronger when the traditional media is not free. The internet does help expose incidents of actual corruption to the public. Populist parties, at least in Europe, have been the political beneficiary of the rising discontent with incumbent governments, driven by political information voters received through the internet. As many populist politicians in Europe have been found spreading mis-information, the results suggest that the internet is a tool that can be used both to inform and to mis-inform the public. Note: In Panel A, the outcome variable is a dummy for perception that there is no corruption in government. The explanatory variables are: 3G penetration, log corruption incidence, their interaction term, as well as all baseline controls, including region and year fixed effects. Corruption incidence are measured by the IMF's Global Incidents of Corruption Index. The graph presents the marginal effect of an increase in actual corruption on the perception of corruption. Confidence intervals are calculated from standard errors, corrected for two-way clusters at the level of the subnational districts (to account for correlation over time) and at the level of countries in each year (to account for within-country-year correlation). Panel B illustrates the results presented in Column 4 of Table 3 . The dots represent the populists' vote share net of all the controls by equal-size bins. The line of the graph shows the predicted vote share (Gaussian kernel, local polynomial smoothing). The confidence interval is constructed by performing a block bootstrap at the level of the clusters. if the Polity2 score is 6 or above). Censorship of the traditional press is measured using Freedom House's Freedom of the Press score. The mean of the latter is subtracted before creating the interaction with 3G coverage. The first principal component of the government approval variables is normalized to vary between zero and one. All regressions include the measure of internet censorship itself (either the dummy, Panel A, or the continuous Limits on Content index, Panel B and Panel C). In Panel C, we also include dummies for all levels of censorship of the traditional media in order to flexibly control for it. Other controls include age, age squared, gender, marital status, dummies for high school and university education, employment status, urban status, the regions' average level of income, the log of the countries' GDP per capita, the countries' unemployment rate, and dummies for democracy status. Standard errors in parentheses are corrected for two-way clusters at the level of the subnational regions (to account for correlation over time) and at the level of countries in each year (to account for within-country-year correlation). Note: *** p<0.01, ** p<0.05, * p<0.1. The expansion of 3G networks led to an increase in both right-wing and left-wing populists' vote share. The unit of observation is a subnational district within a country. The data cover 87 parliamentary elections in 30 European countries. Controls include the countries' unemployment rate, inflation rate, GDP per capita, and the share of population over 65 years old. Standard errors presented in parentheses are corrected for two-way clusters at the level of subnational regions (to account for over time correlation) and at the level of countries in each year (to account for within-country-year correlation).
A Online Appendix
A.1 Data description
In this section, we present details about the datasets used for the analysis.
The main outcome variables that measure attitudes toward the incumbent government, as well as the individual-level internet access, come from the Gallup World Poll (GWP), annual worldwide surveys conducted by Gallup between 2008 and 2017. 10 These data cover individuals in 160 countries with localization at the subnational region level. The GWP surveys before 2008 cannot be used for our analysis because the data on the localization of respondents were not collected.
As discussed in the main text, the exact questions about government performance in the GWP are: "Do you have confidence in each of the following, or not: How about the national government? How about the judicial system and courts? How about the honesty of elections? Is corruption widespread throughout the government in (country), or not?" The respondents could answer "Yes" or "No". We use the responses to these four questions as well as their first principal component and the average share of positive attitudes to the government along these four dimensions. The question on individuals' internet access is formulated as follows:"Does your home have access to the internet?" GWP surveys also inquire about a wide range of individual characteristics, which we use as control variables in the analysis.
The data on the main explanatory variable, namely, 3G mobile networks come from Collins Bartholomew's Mobile Coverage Explorer. As a placebo, we also use 2G mobile networks from the same source. 11 The data on mobile network coverage are available for 159 countries and territories during the years between 2007 and 2018 at the level of 1x1 km binary grid cells. Despite the large number of countries included in the dataset, as shown in Figure 1 , mobile-network information on some countries is missing. In particular, this is the case for a number of large countries, such as Algeria, Argentina, Bolivia, China, Pakistan, and Peru.
To combine mobile network coverage data with the GWP surveys, we calculate the share of the subnational region's territory covered by mobile networks at the level of localization of the GWP data, weighted by population density at each point on the map. 12 We perform this procedure separately for each subnational region and year for which both the GWP and mobile coverage data are available. We then merge the share of region's territory covered by 3G and by 2G to the data from the GWP.
The resulting dataset used in the analysis covers 840,538 individuals in 2,232 subnational regions of 116 countries between 2008 and 2017. The number of countries is below that in the GWP due to the missing data on the mobile network coverage for 38 countries and on the level of democracy-an important control variable discussed below-for 6 countries.
Another source of outcome variables in our analysis is the dataset on the voting results of populist parties in Europe, previously used by Algan et al. (2017) . These data cover 87 elections in 409 subnational districts in 30 European countries during the period from 2007 to 2018. We merge these data to data on 3G networks using the same procedure as with the GWP.
To classify the parties' ideologies, we use the Chapel Hill Expert Survey and complement it with text analysis of online sources. In particular, for each of the political parties that participated in parliamentary elections in Europe between 2007 and 2018, we analyze the text of its Wikipedia pages and the sources referenced by Wikipedia. If a party is characterized as "populist" or its policy platform as "populism," the party is classified as populist. Parties are classified as right-wing populists and left-wing populists, when the words "populist" or "populism" are used in one sentence with "right-wing" and "left-wing." In addition, all populist partied with ideology described as "far-right" and "far-left" were coded as "right-wing" and "left-wing," respectively. All populist parties that were not characterized as right-wing or left-wing, were included in the category of "other populists." The list of all populist political parties in Europe according to this classification is presented below in Table A12 .
The data on the level of democracy come from the Polity2 score of the Polity IV dataset. 13 These data are available at the country-year level. In all regressions, we control for a dummy indicating that a country in this particular year is a democracy (Polity2 > 5) and a dummy that a country in this particular year is an advanced democracy (Polity2 > 7).
The data on actual corruption incidence come from the IMF's Global Incidents of Corruption Index (GICI) which uses text analysis of the Economist Intelligence Unit's country reports to measure the prevalence of corruption in a particular country in a particular year that the Economist Intelligence Unit considers to be important enough to be described to investors (Furceri, Papageorgiou and Ahir, 2019) . These data also cover all countries around the globe for each year since 1996. Note that this measure is distinct from corruption perceptions, as the Economist Intelligence Unit bases these reports on its own country research. In the main text, we use this measure only for the subset of country-years in which the report mentions corruption at least once. Namely, provided that the report mentions corruption, we use the extent to which the report focuses on corruption as a measure of importance of actual corruption. The results are robust to using the entire sample. The reason for this sample restriction is that corruption may not be a topic of the Economist Intelligence Unit reports in two cases: 1) if corruption is low, and 2) if corruption is very high but widely known, and therefore, is not considered as useful information for investors.
The data on internet censorship come from the Limits on Content Index, which is a component of Freedom House's Freedom on the Net index. 14 These data are available at the country-year level, but cover only 46 counties in our sample during the period from 2009 to 2017. This index varies from 1 to 35 with the mean of 14 and median of 12. In addition to the continuous measure of Limits on Content, we construct a dummy for a high level of online censorship. A country in a particular year is considered to have high censorship on the net if its Limits on Content score is 22 or above. A country is considered to have low internet censorship if it has the Limits on Content score below 22 or, in cases when Freedom House did not calculate the Limits on Content score for that country, if the Polity2 score from the Polity IV dataset is six or above, corresponding to the level of a democracy. The inclusion of democracies as countries with low censorship allows us to increase the size of the sample. Among democracies that have non-missing Limits on Content score, all with the exception of Thailand in 2011 had a score below 22. Thailand in 2011 had a Limits on Content score of 23. In 2015, Thailand's Polity2 score decreased from 7 to -3. The resulting dummy for high/low censorship is defined for 112 countries.
We also use data from Freedom House's Freedom of the Press index. 15 In particular, these data are used to analyze the heterogeneity of the effects of 3G coverage depending on the freedom of the press. As the Freedom of the Press index increases with censorship of the traditional media, we refer to it as the "Censorship of the Press score."
Finally, we use remote sensing techniques to proxy for economic development using high-resolution data on nighttime light density (i.e., luminosity) following Henderson, Storeygard and Weil (2011) and Henderson, Storeygard and Weil (2012) . The data on nighttime light density come from DMSP-OLS and VIIRS. The DMSP-OLS data span until 2013. 16 The VIIRS data are available for 2015-2016. 17 We impute luminosity in 2014 by taking an average of VIIRS in 2015 and DMSP-OLS in 2013. We impute luminosity in 2017 (and 2018 in the case of the populists' regressions) by using the value from VIIRS in 2016. The mean level of luminosity, weighted by population density, is calculated for each subnational region and year in our sample. As the nighttime light density data in 2008-2013, 2014, and 2015-2017 come from different sources, and not directly comparable, we allow the effect of luminosity to vary in each of these periods. The incomparability of the nighttime light density data in different sub-periods under study is the reason why we do not include these measures as a baseline control. Below, we establish robustness of the results to adding nighttime light density interacted with pre-and post-2014 dummies to the set of covariates. Table A1 in this Online Appendix presents summary statistics of all the variables used in the analysis.
A.2 Robustness
In this section, we present the results of additional robustness exercises; they show that the results are robust.
Luminosity as a control for income.-In the baseline specification, we control for the level of economic development with the log of the average income in each of the subnational regions in that year. 18 In several countries and years, the GWP did not collect income data at all. In order to include these countries in the data set, we predict the level of income at the subnational region level for these countries and years using luminosity and GDP per capita data. First, in the sample where all the data are available, we regress the log of the average GWP regional income on log regional luminosity and log GDP per capita, controlling for year and country fixed effects. Both luminosity and per capita GDP have positive and highly significant coefficients. Then, we make an out-of-sample prediction for the log of the average GWP regional income where the GWP income data are missing while the data on luminosity and GDP per capita are available. As data from DMSP-OLS and VIIRS are not directly comparable, we perform this procedure separately for the years in which DMSP-OLS data are available (2008) (2009) (2010) (2011) (2012) (2013) , for the years in which VIIRS data are available (2015) (2016) , and for 2014, the year for which we impute luminosity by taking an average of VIIRS in 2015 and DMSP-OLS in 2013.
To show that our results are robust to alternative measures of economic development, we re-do the analysis using nighttime light density data as a measure of economic development instead of log average income from the GWP. As data from DMSP-OLS and VIIRS are not directly comparable, we also include an interaction term of luminosity and a dummy for the years for which the data comes from VIIRS and an interaction term of luminosity and a dummy for 2014, the year for which we impute luminosity by taking an average of VIIRS in 2015 and DMSP-OLS in 2013. Table A7 presents the results, in which instead of log average regional income we control for log luminosity.
The results are similar to those presented in Table 1 . We also show that the findings for the populists' vote share are robust to the inclusion of log nighttime light density as a control. Table A8 presents the results which are also similar to those presented in Table 3 .
Alternative assumptions about the Variance-Covariance Matrix.- Table A9 shows that the results are robust to alternative assumptions about the correlation between the error terms. We take the reduced-form regression presented in column 7 of Panel A of Table 1 as the baseline (also reproduced in row 1 of Table A9 ) and show in row 2 that the standard errors are only slightly larger with clusters at the country level. We then proceed to testing robustness of the results to correcting standard errors for spatial correlation following Conley (1999) , Hsiang (2010) , and Collela et al. (2018) . In rows 3 to 8, we report the standard errors corrected for spatial correlation of the error terms within 500 and 1000 kilometer radii with autocorrelation up to 10-year temporal lags. In all cases, the estimated effect is statistically significant at the 1% level.
A.3 Heterogeneity of the effect with respect to country-and individual-level characteristics
To investigate the heterogeneity of the results with respect to country-and individuallevel characteristics, we interact regional 3G coverage with these measures. In addition to the baseline controls, we control flexibly for the censorship of the traditional press (by adding 20 dummies, corresponding to every 5 points in the Censorship of the Press Score), an important variable as demonstrated in Table 2 . However, we have to omit the internet censorship measure because it exists only for a subset of countries. Table A10 reports heterogeneity by continents, OECD membership, and the levels of income and democracy. Odd columns present the results for the full sample and even columns for the sub-sample of rural residents. Columns 1 and 2 present the effect of the expansion of 3G separately for each continent. In the pooled sample of urban and rural residents, the effect is significant for the African continent and for each of the Americas. The effect is not significant for Asia and Europe. However, Asia is the continent with the highest number of countries with internet censorship: 11 countries out of 16 with the internet censorship index above 21 are in Asia. In the sub-sample of Asian countries with low internet censorship, the effect is also negative and significant for the total population (the coefficient on 3G is -0.117 with the standard error of 0.027). In the rural sub-sample, the effect is significant for all continents, including Europe, where the effect is the smallest in magnitude among all continents, but is still sizeable: an expansion of 3G from zero to 100% signal coverage in an average European region is associated with a 4.2 percentage point lower government approval among its rural residents.
Columns 3 and 4 present results separately for OECD and non-OECD countries. The effect is economically and statistically significant in non-OECD countries (we observe 6.8 and 8.5 percentage point decreases in government approval as a result of an increase in 3G availability from zero to the full coverage in the sample of total population and in the sub-sample of rural residents, respectively). Similarly to the results for Europe, the effect for OECD countries is significant only for rural residents. As we discuss in the main text of the paper, the difference between the results for the rural and for the urban areas may be explained by the differences in the availability of offline sources of political information. Columns 5 to 8 of the Table show that there is no significant heterogeneity with respect to per capita GDP or the level of democracy, measured by the Polity2 score. Table A11 tests for heterogeneity with respect to individual characteristics of the respondents. As in Table A10 , odd columns present the results for the full sample and even columns for the sub-sample of rural residents. Columns 1 and 2 show that the effects are significantly stronger for the unemployed than for the employed (−7.1 percentage points vs. −4.8 percentage points, respectively, according to the estimates presented in Column 1). Columns 3 and 4 show that there is no effect of 3G on government approval among respondents with tertiary education, in sharp contrast with the negative and significant effects for respondents with secondary education and for respondents with education below secondary, for whom the magnitude of the effect is the largest. Columns 5 and 6 show that the attitudes of respondents, whose income is above the median country income in that year, are less affected by the expansion of 3G than those of the respondents with below-median income. Finally, Columns 7 and 8 report heterogeneity with respect to age groups. The results indicate that government approval among respondents who are younger than 20 years old is less affected by the expansion of mobile internet than among respondents of other age groups. The effect on the elderly (above 65) is similar in magnitude to the effect on the middle-age group (between 20 and 65).The individual-level heterogeneity results are essentially the same for the total population and for the rural sub-sample, as can be seen from the comparison of the estimates presented in odd and even columns of the Table. Overall, the results of this heterogeneity analysis are consistent with the hypothesis that the information channel is at least in part driving the political effect of 3G. The attitudes of the more informed (urban and educated) populations in more developed countries are less affected by the expansion of 3G networks. Figure presents the coefficients from the regressions on the lags and leads of 3G penetration, controlling for country-year fixed effects. In particular, it shows that the coefficients for 3G penetration in years t + 1 and t + 2 are not distinguishable from zero. Thus, future expansions of 3G networks are not predicted by current changes in government approval, confirming the parallel pre-trends assumption required for identification. Figure A3 : 3G coverage, confidence in government, and individual internet access in countries with censored and uncensored internet, net of all controls Panel A Panel B
Note: Panel A of the figure illustrates the non-parametric (local polynomial smoothing) relationship between government approval and regional 3G coverage in countries with high and low censorship from column 6 of Panel A of Table 2 . The effects of all the controls are subtracted prior to estimating the non-parametric relationship. The dots show the means of the respective outcome variables net of all the controls by equal-size bins. The lines on the graphs show the predicted outcomes (Gaussian kernel, local polynomial smoothing). Panel B of the figure illustrates the first-stage non-parametric (local polynomial smoothing) relationship between individual internet access and regional 3G coverage in countries with high and low censorship. The effects of all the controls are subtracted prior to estimating the non-parametric relationship. The dots show the means of the respective outcome variables net of all the controls by equal-size bins. The lines on the graphs show the predicted outcomes (Gaussian kernel, local polynomial smoothing). Figure A4 : 3G coverage and the populists' vote share, separately for right-wing and left-wing populists Note: The Figure illustrates the results presented in columns 1 and 2 of Table 3 . The dots represent the populists' vote share net of all the controls by equal-size bins. The line of the graph shows the predicted vote share (Gaussian kernel, local polynomial smoothing). The confidence interval is constructed by performing a block bootstrap at the level of the clusters. Figure A5 : 3G coverage and the populists' vote share, net of all controls Note: The Figure presents the non-parametric (local polynomial smoothing) relationship between regional 3G coverage and the vote share of right-wing and left-wing populists (net of all controls), illustrating the results presented in Column 4 of Table 3 . The effects of all the controls are subtracted prior to estimating the non-parametric relationship. Note: *** p<0.01, ** p<0.05, * p<0.1. 3G internet has a significant negative effect on government approval even after controlling for the country-by-year fixed effects. Future expansion of the internet is not correlated with the change in government approval, suggesting that the parallel trends assumption holds. The unit of observation is an individual. Controls include age, age squared, gender, marital status, dummies for high school and university education, employment status, urban status, and the regions' average level of income. Standard errors in parentheses are corrected for two-way clusters at the level of the subnational regions (to account for correlation over time) and at the level of countries in each year (to account for within-country-year correlation). Note: *** p<0.01, ** p<0.05, * p<0.1. Panel A presents the results of the ATE test, showing that the variation from the control variables does not explain the effect of regional 3G coverage on government approval. The estimation involves a two-stage procedure. First, regional 3G coverage is predicted using all the control variables as well as the subnational region and year fixed effects. Controls include age, age squared, gender, marital status, dummies for high school and university education, employment status, urban status, the regions' average level of luminosity, the log of the countries' GDP per capita, the countries' unemployment rate, and dummies for democracy status. The government approval variables are then regressed on the predicted level of regional 3G coverage, controlling for the subnational region and year fixed effects but not the additional controls. Standard errors in parentheses are corrected for two-way clusters at the level of the subnational regions (to account for correlation over time) and at the level of countries in each year (to account for within-country-year correlation). Panel B presents the δs from the Oster test, showing that selection on unobservable variables needs to be very high to reduce the effect of regional 3G coverage to zero. Following Oster (2017) , we set the value of R max -the R-squared from a hypothetical regression of the outcome on treatment and both observed and unobserved controls-to be equal to 1.3R, whereR is the R-squared from Table 1 . Note: *** p<0.01, ** p<0.05, * p<0.1. The unit of observation is an individual. Panel A reports results for the full sample and Panel B for the subsample of respondents from rural areas. Column 1 presents the results of the first stage, columns 2-7-of the second stage and of the reduced form. The dependent variables in columns 2-7 are individuals' perceptions of government and the country's institutions. Controls include age, age squared, gender, marital status, dummies for high school and university education, employment status, urban status, the regions' average level of luminosity, the log of the countries' GDP per capita, the countries' unemployment rate, and dummies for democracy status. As the luminosity data for 2008-2013, 2014, and 2015-2017 come from different sources (DMSP-OLS, a combination of DMSP-OLS and VIIRS, and VIIRS, respectively), we also interact the measure of luminosity with a dummy for each of those time periods. Standard errors in parentheses are corrected for two-way clusters at the level of the subnational regions (to account for correlation over time) and at the level of countries in each year (to account for within-country-year correlation). Note: *** p<0.01, ** p<0.05, * p<0.1. The expansion of 3G networks led to an increase in both right-wing and left-wing populists' vote share. The unit of observation is a subnational region within a country. The data cover 87 parliamentary elections in 30 European countries. Other controls include the countries' unemployment rate, inflation rate, GDP per capita, the share of urban population, the share of population that is 65 years or older, and the regions' average level of luminosity. As the luminosity data for 2007-2013, 2014, and 2015-2018 come from different sources (DMSP-OLS, a combination of DMSP-OLS and VIIRS, and VIIRS, respectively), we also interact the measure of luminosity with a dummy for each of those time periods. Standard errors presented in parentheses are corrected for two-way clusters at the level of subnational districts (to account for over time correlation) and at the level of countries in each year (to account for within-country-year correlation). Assumptions about variance-covariance matrix:
Regional 3G coverage Coefficient -0.057
(1) Baseline: 2-way clusters by region and country-year (0.015)*** (2) Clusters by country (0.019)*** Conley correction for spatial correlation within: (3) -500km and 1 temporal lag (0.013)*** (4) -500km and 5 temporal lags (0.014)*** (5) -500km and 10 temporal lags (0.014)*** (6) -1000km and 1 temporal lag (0.014)*** (7)
-1000km and 5 temporal lags (0.014)*** (8) -1000km and 10 temporal lags (0.015)*** Observations 617,863
Note: *** p<0.01, ** p<0.05, * p<0.1. The table shows that the results are robust to clustering by country and to adjusting standard errors to spatial correlation at 500 and 1000 km radii with 1 and 5-year temporal lags. The 1st principal component of the measures of government approval Sample:
All Rural All Rural All Rural All Rural
Regional 3G coverage × Africa -0.067** -0.086** (0.026) (0.039) Regional 3G coverage × Asia & Oceania -0.030 -0.050* (0.026) (0.029)
Regional 3G coverage × Europe -0.011 -0.042* (0.021) (0.022) Regional 3G coverage × North and Central America -0.167*** -0.199*** (0.039) (0.046)
Regional 3G coverage × South America -0.173*** -0.208*** (0.045) (0.063)
Regional 3G coverage × OECD -0.023 -0.043* (0.025) (0.025)
Regional 3G coverage × non-OECD -0.068*** -0.085*** (0.015) (0.020)
Regional 3G coverage -0.054*** -0.069*** -0.056*** -0.064*** (0.014) (0.019) (0.016) (0.022) Regional 3G coverage × Ln GDP per capita (demeaned) -0.015 -0.014 (0.014) (0.017) Note: *** p<0.01, ** p<0.05, * p<0.1. The unit of observation is an individual. Odd columns report results for the full sample and even columns for the subsample of respondents from rural areas. Unreported controls include age, age squared, gender, marital status, dummies for high school and university education, employment status, urban status, the regions' average level of income, the log of the countries' GDP per capita, the countries' unemployment rate, and dummies for democracy status, and 20 dummies 5-point intervals measuring the level of censorship of the traditional press. Standard errors in parentheses are corrected for two-way clusters at the level of the subnational regions (to account for correlation over time) and at the level of countries in each year (to account for within-country-year correlation). The 1st principal component of the measures of government approval Sample:
Regional 3G coverage -0.048*** -0.065*** -0.081*** -0.096*** -0.070*** -0.084*** -0.057*** -0.074*** (0.015) (0.018) (0.016) (0.019) (0.015) (0.017) (0.015) (0.018)
Regional 3G coverage × Unemployed -0.023*** -0.027*** (0.007) (0.008)
Regional 3G coverage × Employment status missing -0.015*** -0.015*** (0.005) (0.006) Regional 3G coverage × Tertiary education 0.082*** 0.103*** (0.013) (0.015)
Regional 3G coverage × Secondary education 0.020** 0.019** (0.008) (0.009) Regional 3G coverage × Income above country median 0.038*** 0.043*** (0.003) (0.004) Regional 3G coverage × Income missing -0.018 -0.019 (0.031) (0.038) Regional 3G coverage × Age below 20 0.025*** 0.033*** (0.007) (0.008) Note: *** p<0.01, ** p<0.05, * p<0.1. The unit of observation is an individual. Odd columns report results for the full sample and even columns for the subsample of respondents from rural areas. Unreported controls include age, age squared, gender, marital status, dummies for high school and university education, employment status, urban status, the regions' average level of income, the log of the countries' GDP per capita, the countries' unemployment rate, and dummies for democracy status, and 20 dummies 5-point intervals measuring the level of censorship of the traditional press. Standard errors in parentheses are corrected for two-way clusters at the level of the subnational regions (to account for correlation over time) and at the level of countries in each year (to account for within-country-year correlation).
